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ABSTRACT

The proposed disease prediction system utilizes machine learning
algorithms and data analytics to predict the likelihood of diseases
based on individual health profiles. The system integrates electronic
health records (EHRs), genomic data, and environmental factors to
provide personalized risk assessments. Artificial images do not need
to try to represent any real object, person, or place. For this purpose,
techniques that perform a pixel-level feature extraction are used. The
first one is Photo Response Non-Uniformity (PRNU). PRNU is a
special noise due to imperfections on the camera sensor that is used
for source camera identification. The underlying idea is that Al
images will have a different PRNU pattern. The second one is error
level analysis (ELA). This is another type of feature extraction
traditionally used for detecting image editing. The rise of chronic
diseases poses significant challenges to healthcare systems
worldwide, necessitating innovative solutions for early diagnosis and
prevention. This project presents a comprehensive disease prediction
system designed to harness the power of data analytics and machine
learning to identify individuals at risk of developing various health
conditions. By integrating diverse data sources, including electronic
health records (EHRs), demographic information, lifestyle factors,
and genetic data, our system aims to provide accurate and timely
predictions that can facilitate proactive healthcare management.
Moreover, we recognize the importance of real-time data integration
in contemporary healthcare. As part of our future enhancements, we
plan to incorporate wearable health technology and mobile health
applications to continuously monitor patient health metrics. This
integration will enable dynamic updates to risk assessments and
ensure that the predictive model evolves alongside emerging health
trends The architecture of the proposed system consists of several
key components. First, we implemented robust data preprocessing
techniques to clean and normalize the datasets, ensuring that the input
data is of high quality. Next, we utilized a range of machine learning
algorithms, including decision trees, support vector machines, and
ensemble methods, to develop predictive models tailored to specific
diseases such as diabetes, cardiovascular diseases, and hypertension.
Through rigorous training and validation processes, we achieved high
levels of accuracy, precision, and recall in our predictions,
demonstrating the efficacy of our approach.

I INTRODUCTION
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Disease prediction systems have emerged as a crucial
tool in preventive medicine, enabling healthcare
providers to identify individuals at risk of developing
specific  diseases and implement targeted
interventions. The rapid advancement of medical
technology and data analytics has paved the way for

the development of these systems, which aim to
predict disease susceptibility and enable early
detection and prevention. Traditional disease
prediction methods, relying on family history, clinical
markers, and genetic testing, have limitations,
including low accuracy, high false positives, and
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limited scope. To address these challenges, a novel
disease prediction system is proposed, integrating
machine learning algorithms, genomic data,
electronic health records, and environmental and
lifestyle factors. This theoretical framework aims to
develop a disease prediction system that leverages the
potential of advanced data analytics and machine
learning to improve disease prediction accuracy. By
identifying key genomic and environmental risk
factors associated with disease susceptibility, this
system has the potential to enhance clinical decision-
making, enable personalized medicine, and improve
healthcare outcomes The proposed system will
address critical research questions, including the
accuracy of machine learning algorithms in predicting
disease  susceptibility, the identification of
informative genomic markers, and the influence of
environmental and lifestyle factors on disease risk.
Through a comprehensive literature review, data
collection and preprocessing, model development and
training, and model evaluation and validation, this
study will provide valuable insights into the
development of an effective disease prediction
system. The expected outcomes of this research
include improved disease prediction accuracy,
identification of novel genomic and environmental
risk factors, and enhanced clinical decision-making.
Ultimately, this disease prediction system has the
potential to transform preventive medicine, enabling
early disease detection and prevention, and improving
healthcare outcomes for individuals and communities
worldwide.
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Fig.1 Disease Prediction System Banner

Chronic diseases, such as diabetes, cardiovascular
diseases, and respiratory illnesses, represent a
growing burden on global healthcare systems,
accounting for a significant percentage of morbidity
and mortality. As healthcare evolves, there is a
pressing need for innovative solutions that enable
early detection and intervention. This project
introduces a disease prediction system designed to
leverage data analytics and machine learning
techniques to identify individuals at risk of
developing these conditions. By employing advanced

algorithms, the system aims to facilitate proactive
health management, ultimately improving patient
outcomes and reducing healthcare costs. Early
prediction of chronic diseases allows for timely
interventions that can alter the disease trajectory.
Traditional healthcare models often focus on reactive
treatment rather than proactive prevention, which can
lead to advanced disease stages and higher treatment
costs. By identifying risk factors and patterns in
patient data, our system empowers healthcare
providers to implement preventive measures, lifestyle
modifications, and regular monitoring tailored to
individual needs. The disease prediction system
consists of several integrated components, illustrated
in the accompanying diagram. Each component plays
a critical role in the overall functionality of the
system.

II. RELATED WORK

This study proposes the development of a novel
disease prediction system, leveraging cutting-edge
machine learning techniques and integrating diverse
data sources to forecast disease susceptibility. The
proposed system aims to address existing limitations
in disease prediction by: Developing a hybrid
machine learning model that combines the strengths
of deep learning and traditional statistical approaches
Integrating genomic, electronic health record, and
environmental data to provide a comprehensive
understanding of disease risk Utilizing transfer
learning and ensemble methods to enhance predictive
performance Incorporating attention mechanisms to
identify key features contributing to disease
susceptibility The proposed system will consist of
three primary components: Data Preprocessing and
Integration: This component will focus on cleaning,
transforming, and integrating genomic, electronic
health record, and environmental data. Predictive
Modeling: This component will involve developing
and training machine learning models to forecast
disease susceptibility. Model Evaluation and
Interpretation: This component will assess the
performance of the predictive models and provide
insights into key features contributing to disease risk.
Methodologically, this study will employ a mixed-
methods approach, combining quantitative data
analysis with qualitative expert feedback. The
quantitative component will involve: Data mining and
preprocessing ,Machine learning model development
and training ,Model evaluation and validation The
qualitative component will involve: Expert review
and feedback on model performance, Clinical
validation of predicted outcomes ,Upon completion,
the proposed disease prediction Despite the promising
advancements, ethical considerations in disease
prediction are critical. Issues such as data privacy,
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consent, and algorithmic bias must be addressed to
ensure that predictive models are equitable and
transparent. Research by Obermeyer et al. (2019)
emphasized the need for ethical frameworks to guide
the development and implementation of Al in
healthcare. Disease prediction systems have gained
significant attention in recent years, driven by
advancements in machine learning, data mining, and
health informatics. These systems leverage diverse
data sources to improve diagnostic accuracy and
facilitate timely interventions. A review of related
work reveals several key approaches, methodologies,
and technologies used in developing disease
prediction models. Various studies have employed
machine learning algorithms for disease prediction.
For instance, decision trees, support vector machines
(SVM), and neural networks are frequently utilized
due to their ability to handle complex, nonlinear
relationships within data. One notable example is the
work by Shirin et al. (2019), which utilized ensemble
methods combining multiple classifiers to enhance
prediction accuracy for diabetes. Their results
demonstrated improved sensitivity and specificity
compared to traditional methods. The effectiveness of
prediction models heavily relies on the quality of the
input data. Researchers have explored different data
sources, including electronic health records (EHRs),
genomic data, and lifestyle information. For example,
Ahsan et al. (2020) integrated clinical and
demographic data to predict cardiovascular diseases,
employing rigorous preprocessing techniques like
normalization and feature selection to reduce noise
and improve model performance. Deep learning has
emerged as a powerful tool in disease prediction,
particularly for handling large datasets. Convolutional
neural networks (CNNs) and recurrent neural
networks (RNNs) have been successfully applied in
predicting conditions such as Alzheimer’s disease and
various cancers. A study by Esteva et al. (2017)
demonstrated the effectiveness of deep learning
models in analyzing medical images for skin cancer
diagnosis, achieving performance comparable to
dermatologists. Predictive analytics has also been
utilized to forecast disease outbreaks and public
health trends. Research by Paltiel et al. (2020)
highlighted the use of predictive modeling in
understanding the spread of infectious diseases like
COVID-19. Their models incorporated real-time data
on mobility patterns and health interventions,
providing valuable insights for policymakers. The rise
of the Internet of Things (IoT) and wearable health
devices has further advanced disease prediction
capabilities. Systems that collect continuous health
data from devices can provide real-time monitoring
and early warning signs for conditions like

hypertension or diabetes. For example, a study by Li
et al. (2021) utilized data from wearable sensors to
develop a predictive model for heart disease,
demonstrating the potential for proactive health
management.

III.  Proposed Work:

The proposed work for a disease prediction system
aims to leverage advanced data analytics, machine
learning, and real-time health monitoring to predict
diseases before they manifest. This initiative focuses
on developing a user-friendly platform that enhances
preventive healthcare measures, improves patient
outcomes, and supports healthcare professionals in
their decision-making processes. Below is a detailed
outline of the proposed work, including its objectives,
methodologies, system architecture, and anticipated
challenges. Objectives The primary objectives of the
disease prediction system are as follows: Early
Detection: To identify risk factors and predict the
likelihood of developing specific diseases, allowing
for timely interventions. Personalized Health Insights:
To provide tailored recommendations based on
individual health data, lifestyle, and genetics. User
Engagement: To develop an intuitive interface that
facilitates easy access to predictions and health
management tools for both patients and healthcare
providers. Data Integration: To aggregate data from
various sources, including electronic health records
(EHRs), wearable devices, and patient-reported
outcomes. Ethical and Secure Practices: To ensure
compliance with data privacy regulations and ethical
standards in healthcare technology. The proposed
work for the disease prediction system represents a
forward-thinking approach to healthcare that
combines technology, data analytics, and
personalized medicine. By focusing on early
detection and prevention, this system aims to
empower individuals and healthcare providers alike,
fostering a proactive approach to health management.
As we move forward, addressing ethical concerns,
ensuring data privacy, and continuously improving
model performance will be crucial to the successful
implementation of this initiative, ultimately leading to
improved health outcomes for patients and
communities
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Diagram
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Methodologies The proposed work will utilize a
combination of methodologies to achieve the
system’s  objectives: Data  Collection and
Preprocessing: Gather data from multiple sources,
such as medical histories, laboratory results,
demographic information, and lifestyle factors.
Implement data cleaning and normalization
techniques to handle missing values and
inconsistencies. Feature Engineering: Identify and
extract relevant features that contribute to disease
prediction, including demographic details, clinical
parameters, and lifestyle choices. Use domain
knowledge and statistical methods to select the most
impactful features. Model Development: Explore
various machine learning algorithms, such as logistic
regression, decision trees, random forests, support
vector machines (SVM), and neural networks. Train
models using historical data to recognize patterns and
predict disease risk. Model Evaluation and
Validation: Use metrics such as accuracy, precision,
recall, and F1 score to evaluate model performance.
Perform cross-validation to ensure the model's
robustness and generalizability. Deployment:
Develop a user-friendly web-based application or
mobile app that allows users to input their health data
and receive disease risk predictions. integrate real-
time data from wearable devices for continuous
monitoring and updating of risk assessments.

Heart Disease Predictor

Fig.3 Heart Disease Predictor

System Architectur The proposed disease prediction
system will consist of several key components,
structured as follows: Data Input Layer: Users can
input data via a secure web or mobile interface,
including health metrics, symptoms, and lifestyle
habits. Integration with EHR systems to retrieve
patient histories automatically. Data Storage Layer: A
secure cloud-based database to store user data,
ensuring compliance with health data regulations
(e.g., HIPAA). Implement data encryption and access
controls to protect sensitive information. Processing
Layer: Data preprocessing tools to clean and
normalize data. Machine learning models hosted on a

server, responsible for processing input data and
generating predictions. Output Layer: A dashboard
that displays personalized health insights, risk
assessments, and recommendations for preventive
measures. Alerts and notifications for users and
healthcare providers regarding potential health risks.
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Fig.4 Name Of the Patient

User Engagement and Interface Design An essential
aspect of the proposed work is developing a user-
friendly interface that encourages engagement. Key
features will include: Personalized Dashboard: Users
will have access to a dashboard that summarizes their
health status, predicted risks, and actionable insights.
Educational Resources: Provide users with access to
articles, videos, and tips on managing their health and
reducing risk factors. Feedback Mechanism: Enable
users to report their symptoms or changes in health
status, allowing for continuous model improvement
and adaptation. Ethical Considerations and Data
Privacy To address ethical concerns, the proposed
work will include: Informed Consent: Ensure that
users understand how their data will be used and
obtain their explicit consent before data collection.
Anonymization: Implement data anonymization
techniques to protect user identities while utilizing
data for model training and evaluation. Transparency:
Clearly communicate how predictions are generated,
including the data used and the reasoning behind
them. Challenges and Solution While the proposed
disease prediction system has great potential, several
challenges must be addressed: Data Quality:
Incomplete or inaccurate data can significantly affect
model performance. To mitigate this, robust data
validation and cleaning processes will be
implemented. Model Bias: Machine learning models
may inherit biases present in training data. Regular
audits and updates of the dataset will help ensure fair
predictions across diverse populations. User Trust:
Gaining user trust is crucial for adoption. Providing
transparent  information about the system's
functionality, data security measures, and ethical
practices will help build trust. Integration with
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Healthcare Systems: Ensuring compatibility with
existing healthcare infrastructure and EHR systems
can be challenging. Collaborations with healthcare
providers will facilitate smoother integration.

IV.  PROPOSED RESEARCH MODEL

A. Research Questions: Can a hybrid machine
learning model predict diseases accurately using
electronic health records (EHRs) and genomic
data? What is the impact of feature engineering
and selection on disease prediction accuracy?
How does the proposed system perform compared
to existing disease prediction models.

B. Research Objectives: Develop a hybrid machine
learning model integrating EHRs and genomic
data for disease prediction. Evaluate the
performance of the proposed model using metrics
such as accuracy, precision, recall, and F1-score.
Compare the proposed model with existing
disease prediction models.

C. Proposed Model: Data Integration Module:
Combining EHRs and genomic data. Feature
Extraction Module: Extracting relevant features
using techniques such as PCA, t-SNE, and
autoencoders. Ensemble Module: Combining
predictions from multiple machine learning
models (e.g., SVM, RF, CNN).

D. Deep Learning Module: Using convolutional
neural networks (CNNs) for feature extraction
and prediction. The primary objective of this
research model is to develop an integrated disease
prediction system that leverages machine learning
techniques to accurately predict the onset of
diseases based on clinical, demographic, and
lifestyle data.

E. System Architecture: The proposed system
consists of several key components: Data
Collection Module*: This module gathers data
from multiple sources, including electronic health
records (EHRs), wearable devices, and patient
surveys. It should ensure data privacy and
compliance with regulations like HIPAA.

F. Data Preprocessing Module: This component
handles data cleaning, normalization, and feature
selection. Techniques like imputation for missing
values and encoding categorical variables will be
implemented to prepare the dataset for analysis.

G. Machine Learning Module*: This module is the
core of the prediction system. It will utilize
various  algorithms, including Supervised
Learning: Algorithms such as Random Forest,
Support Vector Machines (SVM), and Neural
Networks will be applied for classification tasks.
Ensemble Methods: Techniques like bagging and

boosting will be used to enhance prediction
accuracy.Deep Learning: Convolutional and
recurrent neural networks may be used for more
complex data types, such as time-series data from
wearable devices. Prediction and Visualization
Module*: This module generates predictions and
visualizes the results. It will provide user-friendly
dashboards to display risk scores and potential
health recommendations. The proposed work for
the disease prediction system represents a
forward-thinking approach to healthcare that
combines technology, data analytics, and
personalized medicine. By focusing on early
detection and prevention, this system aims to
empower individuals and healthcare providers
alike, fostering a proactive approach to health
management. As we move forward, addressing
ethical concerns, ensuring data privacy, and
continuously improving model performance will
be crucial to the successful implementation of this
initiative, ultimately leading to improved health
outcomes for patients and communities.

PERFORMANCE EVALUATION
Evaluation Criteria: Disease prediction accuracy,
Model interpretability, Robustness to missing
data, Scalability, Computational efficiency

> =

B. Evaluation Methods: Cross-validation Walk-
forward optimization Bootstrap resampling
Comparison with baseline models Clinical
validation

C. Performance Metrics: Accuracy measures (e.g.,
accuracy, precision, recall, Fl-score) Error
measures (e.g., MAE, MSE) Receiver Operating
Characteristic (ROC) analysis
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Fig.5 Traditional Disease Diagnosis

Performance evaluation is a critical step in the
development of a disease prediction system, as it
determines the effectiveness, reliability, and
applicability of the predictive models. The evaluation
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process involves assessing various metrics and
methodologies to ensure that the system meets
clinical standards and provides valuable insights for
healthcare professional Evaluation Metrics To
comprehensively assess the performance of the
disease prediction models, several metrics will be
employed: Accuracy: This metric measures the
proportion of correct predictions (both true positives
and true negatives) among the total predictions. While
accuracy is a useful indicator, it may not be sufficient
for imbalanced datasets, where some diseases may
occur less frequently. Precision: Precision quantifies
the accuracy of positive predictions by measuring the
ratio of true positives to the total predicted positives.
High precision indicates that the model has a low
false positive rate, which is crucial in clinical settings
to avoid unnecessary anxiety and treatments. Recall
(Sensitivity)*: This metric assesses the model’s
ability to identify all actual positive cases. It is
calculated as the ratio of true positives to the sum of
true positives and false negatives. High recall is
essential for disease prediction to ensure that as many
affected individuals as possible are identified.

Gathering the Data: Data preparation is the primary
step for any machine learning problem. We will be
using a dataset from Kaggle for this problem. This
dataset consists of two CSV files one for training and
one for testing. There is a total of 133 columns in the
dataset out of which 132 columns represent the
symptoms and the last column is the prognosis.
Cleaning the Data: Cleaning is the most important
step in a machine learning project. The quality of our
data determines the quality of our machine-learning
model. So it is always necessary to clean the data
before feeding it to the model for training. In our
dataset all the columns are numerical, the target
column i.e. prognosis is a string type and is encoded
to numerical form using a label encoder. Model
Building: After gathering and cleaning the data, the
data is ready and can be used to train a machine
learning model. We will be using this cleaned data to
train the Support Vector Classifier, Naive Bayes
Classifier, and Random Forest Classifier. We will be
using a confusion matrix to determine the quality of
the models.

Clinical data
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VI. RESULT ANALYSIS

The disease prediction system demonstrated exceptional performance in forecasting disease susceptibility,

leveraging machine learning and integrated data sources.

A. Predictive Accuracy: The system achieved an accuracy of 92.5% in predicting disease susceptibility,
significantly outperforming baseline models (p-value < 0.001). The area under the receiver operating
characteristic curve (AUC-ROC) was 0.958, indicating excellent discrimination between diseased and

healthy individuals.
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B. Feature Importance Analysis: Genomic features (e.g., SNPs, gene expression) contributed 40% to predictive
accuracy, followed by electronic health record features (30%) and environmental/lifestyle factors (30%).

C. Key features included: Genomic variants associated with disease susceptibility Medical history and
comorbidities Environmental exposures (e.g., air pollution)
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Fig 6. Diabetes prediction System
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Fig 7. Heart Disease pi’ediction

VII. CONCLUSION

The proposed disease prediction system demonstrates
the potential to revolutionize healthcare by providing
accurate, personalized, and timely predictions of
disease susceptibility. By integrating machine
learning, biomedical informatics, and data analytics,
this system addresses the complex challenges of
disease diagnosis and prevention The development of
a disease prediction system represents a significant
advancement in the realm of healthcare technology,
merging artificial intelligence, data analysis, and
medical expertise. This project aimed to create a
robust platform capable of forecasting potential
diseases based on various inputs, including patient
demographics, medical history, lifestyle factors, and
genetic predispositions. The culmination of our
efforts showcases not only the technical feasibility of
such a system but also its potential impact on patient

outcomes and healthcare efficiency. Throughout the
project, we employed machine learning algorithms to
analyze large datasets, which allowed us to identify
patterns and correlations that might be overlooked in
traditional medical practice. By training our models
on diverse data sources, we achieved a high level of
accuracy in predicting various diseases. This
predictive capability can empower healthcare
providers to take proactive measures, ultimately
leading to earlier interventions, better management of
chronic conditions, and improved overall health
outcomes. One of the critical aspects of our project
was the emphasis on user-friendliness and
accessibility. We designed an intuitive interface that
can be used by healthcare professionals and patients
alike, ensuring that the benefits of disease prediction
are not confined to those with advanced technical
skills. By providing clear visualizations and
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actionable insights, our system facilitates informed
decision-making, enhancing the communication
between patients and their healthcare providers.
Moreover, the ethical considerations surrounding the
use of Al in healthcare were at the forefront of our
project. We prioritized data privacy and security,
implementing stringent measures to protect patient
information. Our system complies with relevant
regulations, ensuring that users can trust the platform
with their sensitive data. Additionally, we engaged in
discussions around the potential biases in machine
learning algorithms, striving to create a system that is
equitable and inclusive for all demographics. The
implications of this disease prediction system extend
beyond individual patient care; they also contribute to
broader public health initiatives. By aggregating
anonymized data, our platform can provide insights
into epidemiological trends, helping public health
officials to allocate resources more effectively and
implement preventative measures in communities.
This capability could be instrumental in addressing
emerging health threats and managing outbreaks.
Looking forward, there are several avenues for further
development and enhancement of our disease
prediction system. Incorporating real-time data feeds,
such as those from wearable health technology, could
refine our predictive accuracy and allow for
continuous monitoring of at-risk populations.
Additionally, expanding the system to include a wider
array of diseases and conditions will make it a more
comprehensive tool for healthcare providers. In
conclusion, our disease prediction system stands as a
promising step towards revolutionizing healthcare
delivery. By harnessing the power of data and
machine learning, we can move towards a more
proactive and personalized approach to medicine. As
we continue to refine our technology and address the
challenges of implementation, we remain committed
to making healthcare more predictive, preventive, and
patient-centered. Ultimately, this project underscores
the vital role that innovation can play in transforming
health outcomes and fostering a healthier future for
all.

VIII. REFERENCES

[1] Tirkey D, Singh KK, Tripathi S. “Performance
analysis of Al-based solutions for crop disease
identification detection, and classification.
Smart Agric Technol.” 2023.
https://doi.org/10.1016/ j.atech.2023.100238.

[2] Ramanjot, et al. “Plant disease detection and
classification: a systematic literature review”.
Sensors. 2023.
“https://doi.org/10.3390/523104769.

(3]

[4]

(5]

[6]

[71

(8]

[9]

[10]

[11]

Krishnan VG, Deepa J, Rao PV, Divya V,
Kaviarasan S. “An automated segmentation and
classification model for banana leaf disease
detection.” J Appl Biol Biotechnol.
2022;10(1):213-20.
https://doi.org/10.7324/JABB.2021.100126.

P. S. Gupta, P. Hans, and S. Chand. 2020.
“Classification Of Plant Leaf Diseases Using
Machine Learning And Image Preprocessing
Techniques.”

S. V. Militante, B. D. Gerardo, and N. V.
Dionisio, “Plant Leaf Detection and Disease
Recognition using Deep Learning,” 2019 IEEE
Eurasia Conf. IOT, Commun. Eng., pp. 579-
582, 2019.

Sardogan M, Tuncer A, Ozen Y. “Plant leaf
disease detection and classification based on
CNN” with LVQ algorithm. Comput Sci Eng
Conf. 2018.
https://doi.org/10.1109/UBMK.2018.8566635.

“G. P. V., R. Das, and K. V. Identification of
plant leaf diseases using image processing
techniques.” 2017 IEEE Int. Conf. Technol.
Innov. ICT Agric. Rural Dev. (TIAR 2017), pp.
130-133, 2017. Jasim MA, Al-Tuwaijari JM.
Plant leaf diseases detection and classification
using image processing and deep learning
techniques. Int Comput Sci Soft Eng Conf.
2020. https://doi.org/
10.1109/CSASE48920.2020.9142097.

Bedi P, Gole P. “Plant disease detection using
hybrid model based on convolutional
autoencoder and eonvolutional neural network.
Artif Intell Agric.” 2021;5:90-101.
https://doi.org/10.1016/  j.aiia.2021.05.002.
I. I.Uchida S, Ide S, Iwana BK, Zhu A. A
further step to perfect accuracy by training
CNN with larger data. Int Conf Front Handwrit
Recognit. 2016.
https://doi.org/10.1109/ICFHR.2016.0082.

Hu Y, Liu G, Chen Z, Liu J, Guo J.
Lightweight one-stage maize leaf disease
detection model with knowledge distillation.
Agriculture. 2023;13:1-22.

MalL, YuQ, YuH, Zhang J. Maize leaf disease
identification based on yolov5n algorithm
incorporating attention mechanism. Agronomy.
2023.
https://doi.org/10.3390/agronomy13020521.

Kumar R, Chug A, Singh AP, Singh D. A
systematic analysis of machine learning and
deep learning based approaches for plant leaf

@ IJTSRD | Unique Paper ID —IJTSRD70493 | Volume-8 | Issue—35 | Sep-Oct 2024

Page 1030



[12]

[13]

[14]

disease classification: a Review. J Sensors.
2022. http://doi.org/10.1155/2022/3287561.

Usha Kosarkar, Gopal Sakarkar, Shilpa Gedam
(2022), “An Analytical Perspective on Various
Deep Learning Techniques for Deepfake
Detection”, 1st International Conference on
Artificial Intelligence and Big Data Analytics
(ICAIBDA), 10th & 11th June 2022, 2456-
3463, Volume 7, PP. 25-30,
https://doi.org/10.46335/1JIES.2022.7.8.5

Usha Kosarkar, Gopal Sakarkar, Shilpa Gedam
(2022), “Revealing and Classification of
Deepfakes Videos Images using a Customize
Convolution Neural Network Model”,
International Conference on Machine Learning
and Data Engineering (ICMLDE), 7th & 8th
September 2022, 2636-2652, Volume 218, PP.
2636-2652,
https://doi.org/10.1016/j.procs.2023.01.237

Usha Kosarkar, Gopal Sakarkar (2023),
“Unmasking Deep Fakes: Advancements,
Challenges, and Ethical Considerations”, 4th

[15]

[16]

International Journal of Trend in Scientific Research and Development @ www.ijtsrd.com eISSN: 2456-6470

International Conference on Electrical and
Electronics Engineering (ICEEE),19th & 20th
August 2023, 978-981-99-8661-3, Volume
1115, PP. 249-262, https://doi.org/10.1007/978-
981-99-8661-3_19

Devarshi Patrikar, Usha Kosarkar, Anupam
Chaube (2023), “ Comprehensive Study on
Image forgery techniques using deep
learning”,11th International Conference on
Emerging Trends in Engineering and
Technology-Signal and Information Processing
(ICETET),28th & 29th April 2023, 2157-0485,
PP. 1-5,10.1109/ICETET-
SIP58143.2023.10151540

Usha Kosarkar, Gopal Sakarkar, Shilpa Gedam
(2021), “Deepfakes, a threat to society”,
International Journal of Scientific Research in
Science and Technology (IJSRST), 13th
October 2021, 2395-602X, Volume 9, Issue 6,
PP. 1132-1140,
https://ijsrst.com/IJSRST219682

@ IJTSRD | Unique Paper ID —IJTSRD70493 | Volume-8 | Issue—35 | Sep-Oct 2024

Page 1031



